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Secure and High Performance Data Analytics in HPC/Data Center

Data Analytics of Highly Confidential Medical Data

Design of the proposed MapReduce-like model
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= L4 S - E1:. Screening by 2 stages, e.g., “Healthy” (3mm or less) and “Unhealthy” (4mm or more).
N} E2: Severity measurement by 3 stages, e.g., “Healthy” (83mm or less), “Moderate periodontitis”
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Original Image Tooth detection (4mm or 5mm), and “Severe periodontitis” (6mm or more).
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Dynamic Secure Staging for Processing Highly Confidential Data
Problem & Goal Different Location in Campus Area
Problem Highly confidential data are forbidden to transfer. Managing security level _by eecure pa.r.tltlonln.g in multi-layer
-Data and resource are set in minimum partition and time slot -
-Location of data and -
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*Not transfer chunk of raw data as much as possible -Scheduler kicks resource provisioner w/ network controller.
L ‘L.2-VLAN on Demand Distributed TensorFlow runs using workers and data on both location.
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